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A system, a method and a recording medium for calculating a
physiological index are provided. The method includes:
dividing a physiological data sequence into a plurality of
windows; analyzing a data segment in each window to obtain
metadata that represents data characteristics of the data seg-
ment; updating the metadata including the data characteris-
tics of all data segments in the windows up to a previous
window by using the metadata corresponding to one of the
windows to obtain the metadata including the data character-
istics of all data segments in the windows up to a current
window; and finally, calculating the physiological index by
using the updated metadata.
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SYSTEM, METHOD AND RECORDING
MEDIUM FOR CALCULATING
PHYSIOLOGICAL INDEX

CROSS-REFERENCE TO RELATED
APPLICATION

This application claims the priority benefits of U.S. provi-
sional application Ser. No. 61/497,965, filed on Jun. 17,2011
and Taiwan application serial no. 100146537, filed on Dec.
15,2011. The entirety of each of the above-mentioned patent
applications is hereby incorporated by reference herein and
made a part of this specification.

BACKGROUND

1. Technical Field

The disclosure relates to a system, a method and a record-
ing medium for calculating a physiological index.

2. Related Art

Using information technology to collect various physi-
ological signals and analyze physiological heath status of an
individual case is a joint collaborative research topic for the
fields of medical care and information science. For example,
analysis of an electrocardiogram (ECG) signal has been a
very important issue in analysis of cardiovascular-related
diseases, because it can directly reflect the status of heart
function.

Most signs of diseases will show slight differences in the
variability of operation and rhythm of physical organs,
although many international companies and medical
researchers have provided processes and methods for moni-
toring and analyzing the physiological signal, there are still
some technical problems to be solved.

Taking the ECG as an example, current heart function
examination mainly uses short-term ECG analysis. As many
diseases cannot be detected from short-term ECG, research-
ers have developed physiological indexes that are mainly
obtained by analyzing the complexity of the heart rhythm
from the multi-scale perspective using long-term ECG in
recent years. It is verified in researches that this type of
indexes can exactly reflect the health status of the heart func-
tion. Calculation of multi-scale physiological index is more
complex than the conventional statistical analysis of time-
frequency domain, especially the effectiveness of multi-scale
entropy (MSE) based on entropy has been proven in medical
researches.

Although the long-term ECG analysis can provide com-
plete physiological information of an individual case, the
system needs a large space for storing long-term ECG data.
How to design a new mechanism that can efficiently store the
ECG information while calculating a long-term ECG physi-
ological index is one of the challenges in long-term ECG
analysis.

The long-term physiological index that is developed based
on multiple scales can present a physiological state of an
individual case in a long-term range, but the difference of the
physiological state cannot be obtained through analysis of a
short-term physiological signal. However, due to a consider-
able computation time, the application of long-term physi-
ological index is restricted in interpretation of and research of
symptoms after an individual case is attacked, and is not
applied in monitoring and early warning of a physiological
state of an individual case. It can be seen that, how to enable
this type of multi-scale physiological indexes to have the
capability of monitoring and evaluating the physiological
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state of an individual case in real time as far as possible is a
very important issue in physiological monitoring of an indi-
vidual case in clinic.

SUMMARY

The disclosure is directed to a system, a method and a
recording medium for calculating a physiological index.

A method for calculating a physiological index is intro-
duced herein, which is applicable in an electronic device. The
method includes: dividing a physiological data sequence into
aplurality of windows, in which each window includes a data
segment of the physiological data sequence; analyzing the
data segment in each window to obtain metadata that repre-
sents data characteristics of the data segment; updating meta-
data including the data characteristics of all data segments in
the windows up to a previous window by using the metadata
corresponding to one of the windows to obtain the metadata
including the data characteristics of all data segments in the
windows up to a current window; and calculating a physi-
ological index by using the updated metadata.

A system for calculating a physiological index is intro-
duced herein, which includes a converter and a computer
system. The converter is used for detecting a physiological
data sequence. The computer system includes a transmission
interface, at least one storage medium, and a processor. The
transmission interface is connected to the converter and is
used for receiving the physiological data sequence. The at
least one storage medium is used for storing the physiological
data sequence. The processor is coupled to the transmission
interface and the at least one storage medium, and is used for
dividing the physiological data sequence into a plurality of
windows, and analyzing a data segment of the physiological
data sequence in each window to obtain metadata that repre-
sents data characteristics of the data segment, updating meta-
data including the data characteristics of all data segments in
the windows up to a previous window by using the metadata
corresponding to one of the windows to obtain the metadata
including the data characteristics of all data segments in the
windows up to a current window; and calculating a physi-
ological index by using the updated metadata.

A computer readable recording medium with a stored pro-
gram is introduced herein, which can complete the method
when the program is loaded on a computer and is executed.

Several exemplary embodiments accompanied with fig-
ures are described in detail below to further describe the
disclosure in details.

BRIEF DESCRIPTION OF THE DRAWINGS

The accompanying drawings are included to provide fur-
ther understanding, and are incorporated in and constitute a
part of this specification. The drawings illustrate exemplary
embodiments and, together with the description, serve to
explain the principles of the disclosure.

FIG. 1 is a flowchart of a method for calculating a physi-
ological index according to an embodiment of the disclosure.

FIG. 2 is a diagram of a method for calculating a physi-
ological index according to an embodiment of the disclosure.

FIG. 3(a) and FIG. 3(b) show examples of a coarse-grain-
ing procedure according to an embodiment of the disclosure.

FIG. 4 is a histogram corresponding to a data structure for
calculating MSE according to an embodiment of the disclo-
sure.

FIG. 5 shows an example of storing and updating metadata
by using a sparse matrix according to an embodiment of the
disclosure.
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FIG. 6 is a schematic view of calculating MSE by using
continuously updated metadata according to an embodiment
of the disclosure.

FIG. 7(a), FIG. 7(b), and FIG. 7(c) show examples of
recording metadata by using a tree data structure and calcu-
lating a physiological index according to the metadata
according to an embodiment of the disclosure.

FIG. 8 is a function block diagram of a system for calcu-
lating a physiological index for executing the methods in FIG.
1 to FIG. 7 according to some embodiments.

FIG. 9 is a time analysis chart of calculating MSE when a
scale is set to be 1 by using four evaluation methods according
to an embodiment of the disclosure.

FIG. 10 shows comparison of calculating MSE by using a
structured method according to an embodiment of the disclo-
sure.

FIG. 11 is an analysis chart of total time consumed in
calculating MSE when a scale is set to be 1 to 20 by using four
evaluation methods according to an embodiment of the dis-
closure.

FIG. 12 shows analysis of time for calculating MSE by
using a data structured method in FIG. 11.

FIG. 13(a) and FIG. 13(b) show examples of recording
metadata by using data distribution statistics and calculating
a physiological index according to the metadata according to
an embodiment of the disclosure.

FIG. 14(a) and FIG. 14(b) are total time analysis charts of
calculating MSE when a scale is set to be 1 to 20 by using five
evaluation methods according to an embodiment of the dis-
closure.

DETAILED DESCRIPTION OF DISCLOSED
EMBODIMENTS

The disclosure provides a method for calculating a physi-
ological index in long-term physiological data analysis, in
which physiological data that gradually enters a system is
divided into relative short physiological data segments by
using the concept of the window, so as to solve the problem of
low efficiency caused by a large amount of data in batch mode
calculation. Additionally, as for the problem of storage space
for long-term physiological data, an embodiment of the dis-
closure also provides a method for replacing originally stored
physiological data with metadata characteristics, in which,
when entering each window, information of metadata is
updated to describe characteristics of all previous data.
Finally, an embodiment of the disclosure provides a method
for calculating a long-term physiological index through com-
bination of systematic data structure and data of the metadata.
Through the three processes mentioned above, the disclosure
enables the system to provide a long-term physiological
index, especially the multi-scale entropy (MSE) index that is
the most complex in calculation in multi-scale analysis. An
embodiment of the disclosure also provides data for health
care workers, so that monitoring and analysis of a long-term
physiological state can be widely adopted in clinical practice.

In the following embodiments, an ECG is described as an
example, but the application of the disclosure is not limited to
the ECG.

FIG. 1 is a flowchart of a method for calculating a physi-
ological index according to an embodiment of the disclosure.
Referring to FIG. 1, the calculation of a physiological index
of'this embodiment is applicable to various electronic devices
with the calculation capability, and mainly includes division
of'adata sequence, calculation of metadata, accumulation and
storage of metadata, and calculation of a physiological index,
which are described as follows.
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In Step S102, an electronic device receives a physiological
data sequence that gradually enters the device, and divides the
sequence into a plurality of windows, in which each window
includes a data segment of the physiological data sequence. In
particular, the division of the data sequence according to this
embodiment includes, for example, sequences that represent
each heartbeat cycle information such as R-R interval (RRI)
and P-R interval (PRI) in an ECG signal are used to define a
size of a window according to a fixed duration (for example,
ahalfhour or an hour) or data length (for example, 5,000 RRI
data points or 10,000 RRI data points). An original long-term
data sequence (for example, a 24-hour RRI sequence) is
divided into a plurality of non-overlapping data segments, so
that the subsequent processing is to perform calculation on
each data segment.

It should be noted that, the physiological data sequence is
described by taking a data sequence of features of an ECG as
example, and the features of the ECG include an R-R interval
of adjacent heartbeats, a P-R interval in a single heartbeat, a
QRS duration, an ST segment duration in an ECG measured
from a temporal perspective, a delta of a P wave, an R wave,
an S wave, and a T wave potential change between adjacent
heartbeats measured from a spatial perspective, and a delta or
a similarity of a pattern difference between adjacent ECGs
measured from a morphological perspective. In addition to
the data sequence of the features of an ECG record, the
method of this embodiment is also used for other physiologi-
cal data sequences, for example, features of a data sequence
of an electroencephalogram record, a record of breathing
signals or several kinds of oxygen saturation signals may also
adopt the method of this embodiment to calculate a corre-
sponding physiological index.

In Step S104, the electronic device analyzes the data seg-
ment in each window to obtain metadata that represents data
characteristics of the data segment. In particular, according to
the calculation property of the physiological index to be cal-
culated, this embodiment can analyze metadata that is
required for calculating the physiological index and the cal-
culation manner, in which the metadata can be used to calcu-
late the physiological index.

It should be noted that, the metadata is used to, for example,
represent statistical descriptions of the data characteristics,
data structure characteristics, trend information, or a data
randomness measurement value. The statistical description
includes a mean value, a standard deviation, a mode, a
median, a coefficient of skewness, a coeflicient of kurtosis, or
parameters of probability distribution. The data structure
characteristics include grouping or counting values of data
histogram. The trend information includes a regression coef-
ficient or a polynomial coefficient. The data randomness
includes entropy or a temporal asymmetric index, which is
not limited herein.

In Step S106, the electronic device updates metadata
including the data characteristics of all data segments in the
windows up to a previous window by using the metadata
corresponding to one of the windows to obtain the metadata
including the data characteristics of all data segments in the
windows up to a current window. In particular, with the
gradual entrance of data sequence into the system, this
embodiment provides a metadata update method, so that the
updated metadata can represent overall characteristics of the
data sequences that have entered the system. It should be
noted that, as for storage of the metadata, this embodiment
particularly uses a multi-dimensional sparse matrix or tree
data structure to record the metadata, and the specific imple-
mentation manner is described in detail in the following
embodiments.
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In Step S108, the electronic device calculates a physiologi-
cal index by using the updated metadata. In particular, after
the metadata of each time segment is updated, the updated
metadata can be used to calculate the physiological index. As
the metadata is different from the original physiological data
sequence, the method for calculating the physiological index
is also different from the conventional method. In order to
calculate the physiological index, this embodiment provides
additional data processing architecture for calculation, and
the specific implementation manner is described in detail in
the following embodiments.

FIG. 2 is a diagram of a method for calculating a physi-
ological index according to an embodiment of the disclosure.
Referring to FIG. 2, in this embodiment, a physiological data
sequence 20 is divided into a plurality of short-duration data
segments (including an RRI data segment 1, an RRI data
segment 2, . . ., an RRI data segment k) according to a fixed
duration (T, T,, . . ., T,). During analysis of the data seg-
ments, in this embodiment, a coarse-graining procedure in
multi-scale analysis is first executed, and then metadata (in-
cluding metadata 1, metadata 2, . . . , metadata k) that repre-
sents data characteristics of each data segment is calculated
and stored by using a specific data structure. The metadata is
gradually updated with each entered data segment to obtain
the metadata that represents all long-term ECG characteris-
tics, and finally, calculation of approximate entropy or sample
entropy is performed, so as to obtain a desired long-term
physiological index 22 and complete the calculation proce-
dure of MSE.

It should be noted that, the coarse-graining procedure
includes, for example, calculating the data segment in each
window by using a plurality of scales respectively to obtain a
data sequence under each scale, and using the data sequence
to calculate metadata that represents data characteristics of
the data segment. When executing the coarse-graining proce-
dure on the data segment by using one of the scales, for
example, with the used scale as a cell, a plurality of batches of
data in the data segment is selected in sequence, and an
average of the selected data is calculated and is used as a batch
of data in the data sequence under the scale.

For example, FIG. 3(a) and FIG. 3() show examples of a
coarse-graining procedure according to an embodiment of the
disclosure. Referring to FIG. 3(a) and FIG. 3(b) together, as
for a specified data sequence X={x,}, in which 1<i=N, a data
sequence Vj(’) after performing the coarse-graining procedure
on the data sequence X can be obtained through the following
formula:

JxT
@ _ 1

. N
vl == X, l<j=<—
T

o
i=(j-Txr+1

In the formula, N is a total number of batches of data
included in the data sequence X, T is a selected coarse-grain-
ing scale. It can be known from FIG. 3(a) that, when scale
1=2, that is, 2 batches of data in the data segment X is selected
in sequence with 2 as a cell, for example, (x,,X,), (X3, X4), (X5,
Xg)s « -+ s X;s Xiyq) - - - » and an average of the selected data is
calculated and used as the data in the data sequence under the
scale, so as to finally obtain a data sequence V_=V,=(v,, v,,
Vs, ... ) after the coarse-graining procedure. Similarly, it can
be known form FIG. 3(b) that, when scale T=3, 3 batches of
data in the data segment X is selected in sequence with 3 as a
cell, and an average of the selected data is calculated and is
used as the data in the data sequence under the scale, so as to
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finally obtain a data sequence V3=(v,', v,', v5', . . . ) after the
coarse-graining procedure. Taking an actual number as an
example, for an original data sequence X=(26, 28, 30, 26, 26,
27, 25), after the coarse-graining procedure (t=2) is per-
formed, a data sequence V,=(27, 28, 26.5) is obtained.

As for the calculation and updating of the metadata, FI1G. 4
is a histogram corresponding to a data structure for calculat-
ing MSE according to an embodiment of the disclosure.
Referring to FIG. 4, histogram 40 is corresponding to a data
structure that is used for calculating metadata deduced when
the dimension of an observed sample is set to be m=2 in MSE
according to this embodiment. As calculation of the approxi-
mate entropy or the sample entropy needs to compute statis-
tics that can represent the relationship between each sample
point and other sample points (for example, delta of a sample
value), in this embodiment, multi-dimensional histogram
process architecture is used to arrange the sample points
(two-dimensional vector in this embodiment) according to
the scale sample value, and the number of occurrences of each
combination (two-dimensional vector) is calculated, thereby
organized into a two-dimensional statistical table. When the
dimension of observed sample is set to be m=3, the process-
ing manner may be organized into a three-dimensional sta-
tistical table.

Although the number of sample points of the data segment
entered each time may be up to several thousands/ten thou-
sands, under the limitation of conditions of a first dimension
sample value, the distributive scope of a second dimension
sample value is extremely limited, this phenomenon is very
reasonable for physical analysis of cardiac cycle, because the
difference between two adjacent heartbeat cycle is not large.
The phenomenon is more obvious in limiting a third dimen-
sion distribution (set to be m=3) under the first dimension and
the second dimension sample value (that is, variation of the
third dimension sample value is also limited).

According to the observed phenomenon, in a two-dimen-
sional statistical table or a three-dimensional statistical table,
the probability that each cell is valued is much lower than the
probability that each cell is non-valued (that is, combination
of'the two dimensions or the three dimensions does not appear
in the data). If it is intended to completely record the two-
dimensional statistical table or the three-dimensional statis-
tical table, it needs a lot of storage. Accordingly, a multi-
dimensional sparse matrix may be used to record the
statistical table.

In particular, as for the data sequence under each scale in
each window divided from the physiological data sequence,
in the embodiment of the disclosure, metadata corresponding
to one window is recorded in a multi-dimensional sparse
matrix, and then metadata corresponding to other windows is
accumulated in sequence to the same multi-dimensional
sparse matrix, so that the multi-dimensional sparse matrix
includes metadata including data characteristics of all data
segments up to a current window.

The step of recording the metadata includes, for example,
first, recording a count of each vector combination included
by the metadata corresponding to one window in a multi-
dimensional sparse matrix, and then accumulating a count of
each vector combination included by the metadata corre-
sponding to the other windows in sequence to the count of the
vector combination that is recorded in the multi-dimensional
sparse matrix. The vector combination that is accumulated to
the multi-dimensional sparse matrix may have different or the
same parts with the original vector combination in the multi-
dimensional sparse matrix. As for the same parts of the sec-
ond vector combination and the first vector combination, the
counts of the two combinations are accumulated; on the con-
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trary, as for the different parts of the second vector combina-
tion and the first vector combination, no corresponding first
vector combination exists in the multi-dimensional sparse
matrix, so in the embodiment of the disclosure, as for the
relative positions of all vector combinations in the multi-
dimensional sparse matrix, the size of the multi-dimensional
sparse matrix needs to be moderately expanded according to
the second vector combination, so as to bring the second
vector combination into the multi-dimensional sparse matrix
and use the second vector combination as a newly added
vector combination.

For example, FIG. 5 shows an example of storing and
updating metadata by using a sparse matrix according to an
embodiment of the disclosure. Referring to FIG. 5, this
embodiment describes the recording and updating manner of
metadata under the conditions that the scale for calculating
the MSE is set to be m=2. It can be known from FIG. 5, in this
embodiment, metadata (including information of previous t
time segments) of a t” time segment (corresponding to a
window t) recorded and updated in the multi-dimensional
sparse matrix and metadata calculated by a (t+1)” time seg-
ment (corresponding to a window t+1) are converted into a
full information matrix for metadata update, and the metadata
in the information matrix after updating is recorded in a form
of a multi-dimensional sparse matrix to serve as metadata
updated to the (t+1)” time segment. In this way, the informa-
tion matrix converted from the metadata continuously
updates the information according to each data segment
entered in the order of time, and the size of the information
matrix may be expanded or remained unchanged in each
updating process.

FIG. 6 is a schematic view of calculating MSE by using
continuously updated metadata according to an embodiment
of the disclosure. Referring to FIG. 6, as statistics on the
number of occurrences of each vector combination is con-
tinuously performed when the metadata is updated, in this
embodiment, an information matrix 60 converted from the
metadata sets that an upper bound of delta values defined in
the MSE as r=0.15xSD, in which SD is a standard deviation
of'all RRI dataup to a current time point. Accordingly, ablock
62 that has a delta with a specific vector ®, ,, less than the
upper bound r of delta values is enclosed, and the counts of all
the vector combinations in the block 62 are added to obtain a
count sum similar to the vector w, ... According to the num-
ber of occurrences of the target vector wy, , in the current
accumulated data and total number of data in the range of r
from the wy, ., this motion is performed on each position in
the information matrix 60 to obtain all information required
for calculating the approximate entropy or the sample
entropy. Multiple groups of data sequences under multiple
scales are considered, and the operation is executed to calcu-
late the MSE index.

Besides the method for recording the metadata by using a
multi-dimensional sparse matrix, an embodiment of the dis-
closure further provides another method for recording the
metadata by using a tree data structure.

In particular, for example, as for a data sequence under
each scale of each window, metadata corresponding to one
window is recorded in a tree data structure, and then metadata
corresponding to other windows is added in sequence to this
tree data structure, so that the tree data structure include
metadata including data characteristics of all data segments
up to a current window.

For example, FIG. 7(a), FIG. 7(b), and FIG. 7(c) show
examples of recording metadata by using a tree data structure
and calculating a physiological index according to the meta-
data according to an embodiment of the disclosure. In this
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embodiment, a sample point in a data segment X=(3, 10, 19,
23, 30, 37, 45, 59, 62, 70, 80, 89, 95, 98) is recorded in a
binary tree data structure (as shown in FIG. 7(a)) orina 1D
tree data structure (as shown in FIG. 7()). When a physi-
ological index is calculated, an upper bound of delta values
defined in the MSE is first set, and then as for a specific
sample point in the tree data structure, a range in the tree data
structure that has a delta with the sample point less than the
upper bound of delta values is searched, and finally, a count
sum of all vector combinations in the range is calculated to
serve as information required for calculating a physiological
index of approximate entropy/sample entropy. For example,
in FIG. 7(c), the upper bound of delta values is set to be 30, as
for the sample point x=45, a range (that is, x=15-75) in the
tree data structure in FIG. 7(b) that has a delta with the sample
point less than the upper bound of delta values is searched,
and finally, a count sum of all vector combinations in the
range is calculated to serve as information required for cal-
culating a physiological index of approximate entropy/
sample entropy.

According to some embodiments, FIG. 8 is a function
block diagram of a system for calculating a physiological
index for executing the methods in FIG. 1 to FIG. 7 according
to some embodiment.

A system for calculating a physiological index 800
includes a computer system 810. The computer system 810
includes a processor 814 that is directly electrically con-
nected to at least one storage medium 812. In order to enable
a computer to execute calculation and analysis of a physi-
ological index of a detected physiological signal, like a signal
analyzer, a processor 814 is configured to execute or suspend
a computer program code complied in the at least one storage
medium 812.

In some embodiments, the processor 814 is a central pro-
cessing unit (CPU), a multi-processor, a distributed process-
ing system and/or a suitable processing unit. In at least one
embodiment, the processor 814 may obtain a physiological
signal such as an ECG signal, a predetermined standard tem-
plate and/or other information from the at least one storage
medium 812.

In some embodiments, the at least one storage medium 812
is an electronic, magnetic, optical, electromagnetic, infrared,
and/or semiconductor system (instrument or device). For
example, the at least one storage medium 812 includes a
semiconductor or solid-state memory, a magnetic tape, a por-
table computer disk, a random access memory (RAM), a
read-only memory (ROM), a hard disk and/or an optical disk.
In some embodiments that an optical disk is used, the at least
one storage medium 812 includes a compact disc read-only
memory (CD-ROM), a compact disc rewritable (CD-RW)
and/or a digital video disk (DVD).

Additionally, the computer system 810 includes an input/
output interface 816 and a display 818. The input/output
interface 816 and the processor 814 are directly connected. In
order to execute the methods described in FIG. 1 to FIG. 7, an
operator or a health care professional may be allowed to
operate the computer system 810. The operating conditions of
the methods described in FIG. 1 to FIG. 7 can be shown in the
display 818 through a graphical user interface (GUI). The
input/output interface 816 and the display 818 allow an opera-
tor to operate the computer system 810 in the manner of
man-machine interaction.

In an embodiment, the computer system 810 may also
include a network interface 822 that is directly connected to
the processor 814. The network interface 822 allows the com-
puter system 810 to communicate with one or more computer
systems connected to a network 830. The network interface
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822 includes a wireless network interface such as BLUE-
TOOTH, wireless fidelity (WIFI), worldwide interoperability
for microwave access (WiMAX), general packet radio service
(GPRS), and wide band code division multiple access
(WCDMA); and a wired network interface such as ETHER-
NET, universal sequence bus (USB) or IEEE-1394. In some
embodiments, the methods in FIG. 1 to FIG. 7 may be
executed in two or more computer systems 810 in FIG. 8, for
example, a physiological signal such as an ECG signal, a
predetermined standard template and/or other information
can be exchanged between different computer systems
through the network 830.

In at least one embodiment, the system for calculating a
physiological index 800 further includes a converter 840. The
converter 840 is used for observing a detected organism indi-
vidual/organ and converting movement of the organism indi-
vidual/organ into a representative signal. In an embodiment
of analyzing an ECG signal, the converter 840 is used for
observing a detected heart and converting the movement of
heart muscle into an ECG signal.

The computer system 810 further has a transmission inter-
face 824 that is directly connected to the converter 840 and the
processor 814. The transmission interface 824 can bridge the
converter 840 and the processor 814, and can output the
obtained periodic signal in a format of, for example, a discrete
time signal. For example, if the converter 840 obtains an ECG
signal, the transmission interface 824 receives the ECG signal
from the converter 840, and outputs the ECG signal in the
format of an ECG data array to the processor 814. In some
embodiments, the converter 840 converts one of the following
phenomena of organism individual into an electronic signal:
heartbeat, respiration, ECG, brain waves, oxygen saturation,
and other physiological signals.

In order to verify that the method for calculating a physi-
ological index of the disclosure is superior to the prior art, in
the disclosure, three different calculation methods are used to
evaluate the time for calculating MSE, which includes an
original method that MSE does not perform any data structure
processing on data, the method of the disclosure that metadata
is stored as an orderly data structure and MSE is directly
calculated in a manner of structured batch processing, and the
method of the disclosure of structured online calculation of
MSE. In the method of online calculation of MSE, all time
(including time for calculating and updating metadata in each
time segment entered and time for calculating MSE) con-
sumed in the whole calculation process and time for an opera-
tor to actually wait for the system to operate complete MSE
(including calculation and updating of metadata and calcula-
tion of MSE for one time) are additionally evaluated and
respectively represented as a structured online calculation
method (for all) and a structure online calculation method (for
reaction time). The physiological data sequence used in this
embodiment is 24-h ECG data, which is RRI sequential data
obtained through automatic R wave characteristic point
detection and ectopic wave filtering and is manually corrected
by a professional. In the following embodiments, in setting
the window length, the physiological data that gradually
enters the system is divided in the manner of fixed data
quantity, and the size of data of each window (time segment)
is set to be 10,000 batches.

FIG. 9 is a time analysis chart of calculating MSE when a
scale is set to be 1 by using four evaluation methods according
to an embodiment of the disclosure. It can be clearly seen
from FIG. 9 that, the original brute force method without
considering the data structure and computation efficiency is
much poor than other evaluation methods in the performance
of time efficiency, especially when the batches of data
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exceeds 30,000, the time required by the original brute force
method is a hundredfold higher than the time required for
other three evaluation methods. It can also be verified from
FIG. 9 that, the calculation complexity of the original brute
force method is increased with the increase in the number of
batches of data by an exponential multiple.

FIG. 10 shows comparison of calculating MSE by using a
structured method according to an embodiment of the disclo-
sure according to the experimental setting in FIG. 9. It can be
found in FIG. 9 that, when the data quantity is less than
40,000, the structured batch calculation method is slightly
more efficient than the structured online calculation method
in terms of total calculation time, but when the number of
batches of data is greater than 40,000, the structured online
calculation (all) method is superior to the brute force methods
in terms of computation efficiency; as compared with the
structured online calculation (reaction time) method, the cal-
culation time consumed by the structured online calculation
method is extremely short, and when the number of batches of
data is 120,000, merely 1.5 seconds are consumed, which is
about ahalf ofthat of the structured online calculation method
(for all) and about one third of that of the structured batch
calculation method; and moreover, 1.5 seconds are the time
that a clinical medical worker actually waits when operating
and calculating the physiological index.

FIG. 11 is an analysis chart of total time consumed in
calculating MSE when a scale is set to be 1 to 20 by using four
evaluation methods according to an embodiment of the dis-
closure. Similar to the trend shown in FIG. 9, the calculation
time of the brute force method is much longer than the time
for calculating MES after the data is structured, and FIG. 11
can also explain why MSE has effects in research reports but
fails to be popular. Taking the number of batches of data being
120,000 as an example, the original calculation method needs
a calculation time of more than 5,000 seconds, thus leaving a
large space for improvement as for real-time requirements in
clinical evaluation applications.

FIG. 12 shows analysis of time for calculating MSE by
using a data structured method in FIG. 11. The difference
between the results in FIG. 9 and FIG. 10 lies in that, after the
scales of 1 to 20 are considered, the total calculation time
required by the structured online calculation method (for all)
is higher than that of the brute force method, and the reason
lies in that when the scale is greater than 3, the number of
batches of data is greatly reduced after the physiological data
is subjected to a coarse-graining procedure, and the process-
ing efficiency of directly using the structured batch calcula-
tion method is higher than that of using the online method,
because additional time for updating metadata is required in
processing data of each window by using the online method,
resulting in that the total calculation time is slightly higher
than the time of the batch calculation method. As for the
actual waiting time of clinical medical worker, the calculation
time of the structured online calculation method (for reaction
time) is similar to the result shown in FIG. 10, the structured
online calculation method (for reaction time) is more efficient
than the structured batch calculation method and the struc-
tured online calculation method (for all), and the calculation
time is also merely a half of that required for the structured
online calculation method (for all) and about one third of that
required for the structured batch calculation method. The
feasibility and computation efficiency of the method of the
disclosure is also proved in the embodiment, through the
online data process technology of sequential data learning, a
long-term physiological index is provided.

It should be noted that, in an embodiment, besides the
matrix structure and the tree structure are used to calculate
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and update the metadata, statistics of data probability distri-
bution is further used as the metadata.

In particular, the probability distribution adopted in an
embodiment of the present application is normal distribution,
and the corresponding statistics is a mean value and a stan-
dard deviation. FIG. 13(a) and FIG. 13(b) show examples of
recording metadata by using data distribution statistics and
calculating a physiological index according to the metadata
according to an embodiment of the disclosure. When the
dimension m=2, in this embodiment, all two-dimensional
sample points are arranged and organized according to the
value, and a first dimension value of a sample point is fixed at
a value, a histogram plotted by using a second dimension
value at the sample point is shown in FIG. 13(a). A curve 121
is a function graph of normal distribution, and it can be seen
from FIG. 13(a) that, second dimension information gener-
ated by the normal distribution adopted in this embodiment
when the first dimension is fixed is close to the distribution
properties of the original data.

On the other hand, when the dimension m=3, the first
dimension and the second dimension value of all three-di-
mensional sample points are fixed at a two dimension com-
bination, a histogram of a third dimension information and
corresponding normal distribution curve are shown in FIG.
13(b). Similarly, the extent that the normal distribution is
close to the data characteristics can be seen from a curve 132
in FIG. 13(b).

After each window uses the distribution statistics as meta-
data, metadata updating may be performed with the distribu-
tion statistics of the subsequent windows, and an updating
formula adopted in an embodiment is as follows:

Bl = (1\71 f+ Ny 'ﬂr+1)/(1\~/r +Nr+1);

. -~ -~ . - 1/2
2 (N = 1)+ 0y Ny =D+ N, (1, = i, ) +

L Niyr - (1 = )2
Tl = s 5
Ni+Nyp -1

Nwl :1\~/1+Nr+1

In the formula, N, j1,, o, independently represent a number
of samples and distribution statistics (including a mean value
11, and a standard deviation 0,) when being updated to a t*
window; N, I, O, represent a number of samples and
distribution statistics calculated by a (t+1)* window; and
N, 1, to1s O,,, are a number of samples and distribution
statistics when accumulated to the (t+1)” window after the
two groups of metadata are updated. The finally recorded
metadata and the final metadata obtained by using a sequen-
tial data learning method are completely identical with the
metadata calculated by using the batch processing method.

After obtaining the metadata, in this embodiment, the dis-
tribution statistics may be standardized, in which a measure
of area occupied by the standardized distribution function in
each interval/region is multiplied by a number of samples
having the first dimension equal to a predetermined value, a
number of occurrences of each sample point (that is, vector
combination) required for statistics when calculating MSE
can be estimated.

FIG. 14(a) and FIG. 14(b) are total time analysis charts of
calculating MSE when a scale is set to be 1 to 20 by using five
evaluation methods according to an embodiment of the dis-
closure. In order to verify that the method for calculating a
physiological index of the disclosure is superior to the prior
art, in this embodiment, the original calculation method, the
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structured batch calculation method, the structured online
calculation method merely considering the structured online
(for reaction time) of the final reaction time, the batch esti-
mation method of the batch calculation distribution statistics,
the online estimation (for reaction time) gradually calculating
the distribution statistics and merely considering the final
reaction time are compared.

It can be seen from FIG. 14(a), the calculation time con-
sumed by the brute force method is in exponential growth,
and is much higher than that of the four methods that uses the
metadata for calculation. In the methods using the metadata,
the method for calculating a physiological index by using the
distribution statistics and the matrix structure to record the
metadata is most efficient. When the number of batches of
data is 60,000, the original calculation method needs to con-
sume about 1,300 seconds, but it can be seen from details in
FIG. 14(b) that, the batch calculation method using the dis-
tribution statistics merely needs to consume about 110 sec-
ond, and the online estimation (for reaction time) using online
estimation and merely considering the final reaction time
merely needs 85 seconds, which is less than one tenth of that
required by the original method. As for the calculation
method using the matrix structure, the structured batch cal-
culation method merely needs about 22 seconds, the time
required for the structured online (for reaction time) is further
reduced to 12 seconds, as compared with the brute force
method, the efficiency of the two methods is improved by 50
times to 100 times. No matter the distribution statistics esti-
mation or the matrix structure method is used to calculate
MSE, adopting a gradually learning method can provide a
physiological index, as compared with the batch method.

The disclosure may adopt online or batch processing.

An embodiment of the disclosure provides a computer
readable recording medium with a stored program, which can
complete the method when the program is loaded on a com-
puter and is executed.

Based on aforesaid method and system, the application is
able to process physiological data that is continuously input
into the system. The application analyzes and processes the
streaming of physiological data every preset time length or
data amount instead of processing the whole physiological
data after the physiological data is input into the system, and
therefore the physiological data can be monitored and evalu-
ated in real time.

It will be apparent to those skilled in the art that various
modifications and variations can be made to the structure of
the disclosed embodiments without departing from the scope
or spirit of the disclosure. In view of the foregoing, it is
intended that the disclosure cover modifications and varia-
tions of this disclosure provided they fall within the scope of
the following claims and their equivalents.

What is claimed is:
1. A method for calculating a physiological index, appli-
cable to an electronic device, the method comprising:

dividing a physiological data sequence into a plurality of
windows, wherein each window comprises a data seg-
ment of the physiological data sequence;

analyzing the data segment in each window to obtain meta-
data that represents data characteristics of the data seg-
ment;

updating the metadata comprising the data characteristics
of all data segments in the windows up to a previous
window by using the metadata corresponding to one of
the windows to obtain the metadata comprising the data
characteristics of all data segments in the windows up to
a current window; and
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calculating a physiological index by using the updated

metadata,

wherein the step of analyzing the data segment in each

window to obtain the metadata that represents the data

characteristics of the data segment comprises:

using a plurality of scales to perform a coarse-graining
procedure on the data segment in each window to
obtain a data sequence under the scales and using the
data sequence as metadata that represents the charac-
teristics of the data segment,

wherein the step of updating the metadata comprising the

data characteristics of all data segments in the windows

up to the previous window by using the metadata corre-

sponding to one of the windows to obtain the metadata

comprising the data characteristics of all data segments

in the windows up to the current window comprises:

as for the data sequence of each window under each
scale, recording metadata corresponding to one of the
windows by using a multi-dimensional sparse matrix;
and

cumulating metadata corresponding to other windows in
sequence to the multi-dimensional sparse matrix, so
that the multi-dimensional sparse matrix comprises
the metadata comprising the data characteristics of all
the data segments up to the current window.

2. The method for calculating a physiological index
according to claim 1, wherein the step of dividing the physi-
ological data sequence into the windows comprises:

defining a size ofthe windows according to a fixed duration

or a data length; and

dividing the physiological data sequence into a plurality of

data segments that are not overlapped with each other
according to the size of the windows.

3. The method for calculating a physiological index
according to claim 1, wherein the step of using the plurality of
scales to perform the coarse-graining procedure on the data
segment in each window to obtain the data sequence under the
scales comprises:

when using one of the scales to perform the coarse-grain-

ing procedure on the data segment, selecting a plurality
of batches of data in the data segment in sequence in a
cell of the scales, and calculating an average of the
selected data to use the average as a batch of data in the
data segment under the scale.

4. The method for calculating a physiological index
according to claim 1, wherein as for the data sequence of each
window under each scale, the step of recording the metadata
corresponding to one of the windows by using the multi-
dimensional sparse matrix comprises:

recording a first count of each first vector combination in a

plurality of first vector combinations corresponding to
the metadata in the multi-dimensional sparse matrix.

5. The method for calculating a physiological index
according to claim 4, wherein the step of cumulating the
metadata corresponding to the other windows in sequence to
the multi-dimensional sparse matrix, so that the multi-dimen-
sional sparse matrix comprises the metadata comprising the
data characteristics of all the data segments up to the current
window comprises:

cumulating a second count of each second vector combi-

nation in a plurality of second vector combinations of the
metadata corresponding to the other windows in
sequence to the counts of the first vector combinations
recorded in the multi-dimensional sparse matrix.
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6. The method for calculating a physiological index
according to claim 4, wherein the step of calculating the
physiological index by using the updated metadata com-
prises:

setting an upper bound of delta values defined in multi-

scale entropy (MSE);

as for a specific vector combination in the multi-dimen-

sional sparse matrix, enclosing a block in the multi-
dimensional sparse matrix that has a delta with the spe-
cific vector combination less than the upper bound of
delta values; and

calculating a count sum of all vector combinations in the

block to serve as information required for calculating the
physiological index.

7. The method for calculating a physiological index
according to claim 1, wherein the physiological data
sequence comprises a data sequence of features of an elec-
trocardiogram (ECGQG), features of electroencephalogram, a
breathing signal or a oxygen saturation signals.

8. The method for calculating a physiological index
according to claim 7, wherein the features of an ECG com-
prise an R-R interval of adjacent heartbeats, a P-R interval in
a single heartbeat, a QRS duration, an ST segment duration in
the ECG measured from a temporal perspective, a first delta
of'a P wave, an R wave, an S wave, and a T wave potential
change between adjacent heartbeats measured from a spatial
perspective, and a second delta or a similarity of a pattern
difference between adjacent ECGs measured from a morpho-
logical perspective.

9. The method for calculating a physiological index
according to claim 1, wherein the metadata comprises statis-
tical descriptions, data structure characteristics, trend infor-
mation, or a data randomness measurement for representing
data characteristics.

10. The method for calculating a physiological index
according to claim 9, wherein the statistical descriptions com-
prise a mean value, a standard deviation, a mode, a median, a
coefficient of skewness, a coefficient of kurtosis, or param-
eters of probability distribution, the data structure character-
istics comprises grouping or counting values of data histo-
gram, the trend information comprises a regression
coefficient or a polynomial coefficient, and the data random-
ness comprises entropy or a temporal asymmetric index.

11. A system for calculating a physiological index, com-
prising:

a converter, detecting a physiological data sequence; and

a computer system, comprising:

a transmission interface, connected to the converter,
receiving the physiological data sequence;

at least one non-transitory storage medium, storing the
physiological data sequence; and

aprocessor, coupled to the transmission interface and the at

least one non-transitory storage medium, dividing the
physiological data sequence into a plurality of windows,
analyzing a data segment of the physiological data
sequence in each window to obtain metadata that repre-
sents data characteristics of the data segment, updating
metadata including the data characteristics of all data
segments in the windows up to a previous window by
using the metadata corresponding to one of the windows
to obtain the metadata including data characteristics of
all data segments in the windows up to a current window;
and calculating a physiological index by using the
updated metadata,

wherein, for analyzing the data segment in each window to

obtain the metadata that represents the data characteris-
tics of the data segment, the processor is further config-
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ured for using a plurality of scales to perform a coarse-
graining procedure on the data segment in each window
to obtain a data sequence under the scales and using the
data sequence as metadata that represents the character-
istics of the data segment,

wherein, for updating the metadata comprising the data
characteristics of all data segments in the windows up to
the previous window by using the metadata correspond-
ing to one of the windows to obtain the metadata com-
prising the data characteristics of all data segments in the
windows up to the current window, the processor is
further configured for, as for the data sequence of each
window under each scale, recording metadata corre-
sponding to one of the windows by using a multi-dimen-
sional sparse matrix, and cumulating metadata corre-
sponding to other windows in sequence to the multi-
dimensional sparse matrix, so that the multi-
dimensional sparse matrix comprises the metadata
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comprising the data characteristics of all the data seg-
ments up to the current window.
12. The system for calculating a physiological index

according to claim 11, further comprising:

a display, connected to the processor, displaying a graphi-
caluser interface for operating the computer system; and
an input/output interface, connected to the processor,
receiving an operation of a user on the computer system.
13. The system for calculating a physiological index

10 according to claim 11, further comprising:

a network interface, connected to the processor, commu-
nicating with other computer systems through a net-
work.

14. A non-transitory computer readable recording medium

15 for storing a program, capable of implementing the method
according to any one of claims 1, 2, 3, 4 to 6 and 7 to 10 after
the program is loaded on a computer and is executed.
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